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The induction motor is complex because its dynamic is nonlinear,
multivariable and highly coupled. In addition, the induction motor (IM)
controller design can be degraded due to wide ranges operating speed
specially in low and near-zero speeds and also to variation of interval
parameters such as the stator resistance change because of stator heating
during operation. Our contribution is the use of a nonlinear sliding mode
control using a fuzzy mutual reference adaptive system observer based on

Keywords: two fuzzy adaptation mechanisms to estimate both rotor speed and stator
. resistance. The proposed work was verified and compared by simulation and
Fuzzy logic . . . X :

. tested in various ranges of speed with motor and regenerating regions of
Induction motor operation. The results show that the proposed approach has proved good
Mutual MRAS effectiveness in tracking and observation.
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1. INTRODUCTION

The industry is often interested in reducing the number of sensors among them the induction motor
speed sensors. Since the publication of the survey by [1] then [2]-[4], significant interests on sensorless
sliding mode control of induction motor have been developed in the control research due to the possibility to
implement this control in industrial applications using new power electronics technology and availability
cheap and fast computation. Despite the important developments of the sensorless control laws above but
they suffer from large computation time, complexity, parameters variation, and limited bandwidth control in
the low and near-zero speed regions estimation.

In this paper, a nonlinear sliding mode speed and rotor flux control combined with a stable fuzzy
mutual model reference adaptive system (FM-MRAS) speed and stator resistance estimation for the induction
motor drive has been developed. By combination the ideas of [5]-[8], the proposed FM-MRAS utilizes two
models called as reference and adjustable models whose based on the rotor flux errors vectors [9]-[12]. Then,
these errors are used drive adaptation mechanisms based on the fuzzy logic that generates in parallel the
estimated speed and stator resistance, this parallel estimation is designed based on the concept of
hyperstability [6] in order to make the system asymptotically stable. The important advantage of using fuzzy
logic is robustness against parameter variations. The whole proposed system robustness, stability,
effectiveness in tracking is tested in simulation. Finally, some comments are presented.
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2. MATHEMATICAL MODEL OF INDUCTION MOTOR
The model used is the model whose electrical quantities are all expressed in a fixed frame linked to
the stator and which will be qualified model (e, 8). The model is given by [13], [14].

x=f(x)+g.u
{ y =) @)

With

{u=[usa Usp]T @)
Xz[isoc isﬁ Yra Iprﬁ -Qr]Tz[xl X2 X3 Xg xS]T

The state vector x is composed of two electrical states (isa,isﬁ) and two magnetic states
(zpm,zp,ﬁ) and a state representing the rotational speed of the rotor 12, this speed will be presented by a
mechanical equation f, gand [Jare functions of the variables x .Hence the nonlinear system is of order 5.
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Where R;is the stator resistance; R,is the rotor resistance; Lgis the stator inductance; L.is the rotor
inductance; L,,is the mutual inductance; T,.rotor time constant; o is the leakage coefficient; pis the number of
pole pairs; J is moment of inertia; C..is the load torque.

3. NONLINEAR SLIDING MODE CONTROL
3.1. Search for a control ensuring a sliding mode

Definition 4. The control of Figure 1 presents a problem of chattering effects due to switching
delays. To remedy this problem, we must choose a switching curve called sliding surface S(t). The goal we
are looking for is to join from the initial state the curve, then force the trajectory to stay on this surface.

s@) = (%+ k)n_l e )

where e is the tracking error that it is equal to the difference between system state space reference and the
system state space (e = x,.r — x), k is the weighting factor that must be strictly positive and n is the degree
of sliding mode surface [2]. Then, the dynamics of the system will be fixed by the equation of the sliding
surface, and the origin will be joined with the time constant k.

S=kete=0

Figurel. Chattering effects and switching system on the sliding surface
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Theorem 4. (Globalstability) assume that there exists a scalar function V' (Lyapunov function) of the
state X, with continuous first order derivatives such that.

- V() = %Szis positive definite.

- V(x) = SSis negative definite.

- V(x) > was ||x||—>oo

then the equilibrium at the origin S = 0 is globally asymptotically stable [2]. In other words, to follow the
desired state, it’s enough to make the sliding surface attractive (SS < 0) and invariant (S = 0) [15]. To

eliminate the uncertain effect of the model and external disturbance, the sliding mode control law is defined
by adding a command commuting U,to the equivalent command U,qin the form [16]-[18].

U=U,q+U, (5)
with

U. = c sign(S) (6)
c is a constant and is chosen enough positive to satisfy attractivity and stability conditions.
3.2. Selection of the control law

Our goal is to generate a control law [Usa Usg]Tusing the sliding control theory. The states
considered for the induction motor control are: Speed and rotor flux (2,,, %,.). In the control of the machine, it

is necessary to ensure the control of the flux then of the speed, when the dynamics of speed is the slowest.
For convenience of calculation, we will take [19], [20].

Wr=lprz=lpr2a+lp1%ﬁ=x?%+x2 )
Its corresponding derivative gives.
llilr = ZX3X'3 + 2x4_.7€4 (8)

According to the (4) the choice of the sliding surfaces of the variables to controlare given in the
form of a first-order surface system.

Sp = ky(xs = 0y 0) + (s — -eref) ©)
Sy = k(W — q’rref) + (l‘Ur - lprref)
The successive derivatives of S;andS, will be
51 = kl(xs - ‘eref) + (x5 - 'O.T‘ref) (10)
52 = kz(l’ilr - l‘i,rref) + (I‘Ur - lprref)
Using the system (3) and (10), the development of calculus gives us.
5 1 1 . .
(51 = (ky — P MDné; — ky 7Cr —pxsn(§ +T'¥) — k1-erEf - -eref
+677 (x3us,6’ - x4usa)
. 2 24Lpl 2Ly L 3 11
S = 2Ry + 2R (e (e - 2 - g + sty )
. . 28
k _kqur-ref - l‘Ur,«ef + T_TLm(xtlusB + X3Usq)
Such as.
ixl = Xy Xg+ XpX,
ixg = xZ+ x2
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The system (11) can be rearranged into the following matrix form.

y F —OX SX u
2 o o L] @
S F D U
with
= (ks — =D& — =5 (&4 + T8 = Ky ey = flrey y
F, = (“’"K — k)% + Lmé—’:sg + (ky = = D&+ pxsts) )
To check the Lyaponov’s stability condition, one must have.
S = —csign(S) (14)
Equalizing (12) and (14) we will have.
U=-D"1csign(S)—D'F (15)
According to (5) the control law components are given by.
— _p-1
{UC i]ejD_1chig11:1(S) (16)

4. FUZZYMUTUALMRASOBSERVER
4.1. MRAS based rotor speed estimation

The principle of speed estimation by MRAS based on rotor flux consists in comparing the outputs of
two flux estimators obtained by different formulations. The first estimator is based on the stator equations
defining a model in voltage called the reference model. This model is used to estimate the components flux
Yrq, and g from the measurement of voltages and stator currents; being independent of the speed to
estimate it according to the following [5], [7], [21].

dlprv _ i lpray] _ L_T{ Usq _ [isa] _ i[isa]}
at — dt|P.p,] " m [usﬁ] Ry isp aLs dt [isp n

The second, called adjustable or adaptive model, is described by the rotor equations to estimatethe
components flux 1,., and ¥,.,; Being explicitly linked to speed, he defines a current model is being as.

Ar, lla\ral ) - ra m 'sa
e e S R K 1 R a9

Such as @, is the rotor pulsation with: @, = p. {2,

The difference e, between the components of the rotor flux delivered at the outputs of the two
models is used to drive an adaptation mechanism whose objective is to generate the value of the estimated
speed whitch then reapplied to the input of the adjustable model with.

Cw, = (d’rﬁvlz;ral - wraylﬁrm) (29)

and

&, = (kp,, +-2)e,, (20)

N

Figure 2, shows the structure of a classical MRAS speed estimator based on adaptation low generated
by the adaptation mechanism, which consists of a simple Pl-type regulator performing a proportional-integral
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correction for the induction motor. Although easy to implement this approach, its stability and fast convergence,
it has some major disadvantages as its dynamic performance sensitivity to parametric variations and the
accuracy of the estimate is degraded at low and near-zero speeds. The stator resistance variation under operating
conditions deteriorates the accuracy of the estimate, by modifying at low speed the amplitude and the phase of
the rotor flux delivered by the reference model. To eliminate those disadvantages, it’s necessary to introduce a
new method of estimation. This method based on simultaneous and parallel estimation of the rotor speed and
the stator resistance of the induction motor known as the mutual-MRAS approach.

[”m s g l

—_— -

[- . ] Reference Model e

tsartse Equation (4.1)

k. &, )
Equation (4.3) l—» kpw 4 —= >
. . B
A9 (k)
Ajustable Model 11}1 Adaptation mechanism

Equation (4.2)

(

Figure 2. Structure of classical MRAS speed estimator based on rotor flux

In this approach, we introduce a second adaptation mechanism to estimate R using the same Pl-type
regulator in parallel with the w,adaptaion mechanism, then the error of stator resistance proposed by Popov’s
hyperstability theoryis represented is being as.

€rs = iS(x- (li)\ray - wAral) + is[;" (lpArﬁV - lﬁrﬁ,) (21)

and

s Kigg
R, = (k,,RS + T) er, 22)
4.2. Proposed observer approach

In order to improve the performance of the estimation in terms of convergence and robustness, but
also to avoid the difficulties of setting the PI regulators, we proposed the idea to preserve the basic structure
of the mutual-MRAS estimator and to use two fuzzy-Pl nonlinear controllers forming the adaptation
mechanisms.This new estimator is of a hybrid nature because, on the one hand, it is based on the synthesis of
the equations defining the reference model and the adjustable model, and on the other hand it integrates
control organs derived from artificial intelligence, such us the fuzzy logic.

4.2.1. Structure of FM-MRAS observer
The structure of the FM-MRAS observer is illustrated in Figure 3.

R.(k)
[“m U 3] A= .
= T 5
. Reference Model Y
Lsar 155] Equation (4.1)

(]XX& dﬂ{ Equation (4.5) |<——0

A

Fuzzy adaptation A @ (k)
mechanism for R, a v e (k) &, (k)
Ajustable Model |*# | | Equation | " >
Equation (4.2) (4.3) " :Mm "
Fuzzy adaptation
r mechanism for w,

Figure 3. Structure of the observer underFM-MRASapproach
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4.2.2. Synthesis of fuzzy adaptation mechanisms

The observation of the behavior of the fuzzy mutual-MRAS shows that the significant quantities for
the simultaneous estimation of the motor speed and the stator resistance are; the error e(k) and its change
rate Ae(k) for the adaptation mechanism whose are the inputs of the fuzzy correctors.The two fuzzy
controllers are chosen of identical structure, proportional-integral with incremental output, that is to say that
their outputs represent the increments of the quantities to estimate w,.(k)and R,(k).The structure of the PI-
Fuzzy adaptation mechanisms is identical for speed and rotor resistance estimation shown in Figure 4.The
gains G,, Gp.and Gy, are introduced to normalize the inputs and the output of the estimator controller, they
are chosen by simulation test to guarantee the belonging of the variables to the associated fuzzy set and thus
to adjust the sensitivity of the regulator without changing the structure.

e(k) Ae(k)

AB(k)

As -
AU(k)
M - GA“
E(k)

Figure 4. Structure of fuzzy adaptation mechanism

1
Ea

Normalized inputs are similary determined at time kis being as.

E(k) = G,.e(k) (23)
and

AE (k) = Gpele(k) —e(k — 1)] (24)
and the estimated values of the rotor pulsation or the stator resistance are similary deduced by the relation

u(k) = u(k — 1) + Gpy. AU(K) (25)

or
u(k) = u(k — 1) + du(k) (26)

with u(k ) represents @, (k) or R (k).

Fuzzy logic controllers are based on three well known blocs: fuzzyfication bloc, block ofrule
basesanddefuzzyfication block [8], [22]. Figure 5, shows the partition of the speech universe and the
membership functions retained for the fuzzy speed estimator (similar choices have been retained for the
fuzzy stator resistance estimator).

A ‘Ll’e A /’[/Ae

NB NS ZF PB NB NS ZF PB

AT AT
AR VAVIAVAY
ALS ALY
AV Y

-1.00-0.70 035 0 035 070 1.00 ¢  -1.00-0.70 035 0 035 0.70 1.00 Ae

Figure 5. Fuzzification and partition of the speech universe for the fuzzy corrector speed estimator
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Figure 5. Fuzzification and partition of the speech universe for the fuzzy corrector speed estimator(continue)

For the membership functions, the triangular and trapezoidal shapes have been retained for the sake
of simplicity. After several attempts, a partition of the speech universe with five fuzzy subsets (NB: negative
big, PB: positive big, NS: negative small, PS: positive small, ZE: zero equal) was favored for the two
controllers.For the treatment of the inferences, the method “Max-Min” of Mamdani was chosen for the two
controllers, the method of defuzzification retained is that of the center of gravity.The selected rule base has
twenty-five fuzzy rules and is described by the inference matrix shown in Table 1. According to the
controller ~ considered e,4e and Au represent respectively e, (k), Ae, (k), Ad.(k) or

e, (k), Aeg (k), ARs (k).

Table 1. Inference matrix defined for both fuzzy controllers

Ae
e Au

NB NB NB NS PB PS

NS ZE NS ZE PS ZE

ZE PB PB ZE PS NB

PS ZE PS PB NS NB

PBE PB PS NS NS NB

NB NS ZE PS PB

5. RESULTS AND ANALYSIS

In order to demonstrate and validate the high performance of the proposed sensorless slidingmode-
based control system associated with FM-MRAS observer, some selected simulations are presented underthe
software Matlab/Simulink environment. This approach is investigated by introducing a variation of load
torque and the reference speed using a simultaneous stator resistance and rotor speed identificationof position
sensorless induction motor to accurately estimate very low speeds. The stator resistanceis estimated
concurrently with the speed estimation to compensate for the fluctuation in stator resistance. The study is
applied for both induction motor operating modes; the motor mode and the regenerating mode. In this mode
of operation, the IM issubjected to positive load torque when running at reverse speed. The parameters and
constants of the machine are shown in Table 2.

The accuracy of speed estimation has been verified by giving a set of steps of speed refences, two
benchmarks are proposed and discussed in this paper as two case studies.
- The first, designated “case 1”, shows the operation of the machine in both directions at high speeds.
- The second, called “case 27, discusses different operating low speed levels even in very low speed.

Table 2. Induction motor parameters

Designation Quantity
Rated power 1.5kwW
Rated voltage 220V

Rated speed 1428rpm
Nominal frequency 50Hz
Stator resistance 4.85Q
Rotor resistance 3.805Q2
Stator inductance 0.274H
Rotor inductance 0.274H
Mutual inductance 0.258H
Number of pole pairs 2

Moment of inertia 0.031kg/m2
Friction coefficient 0.00114Nm.s/rd

Sensorless nonlinear sliding mode control of the induction machine at very low speed ... (Mokhtar Touam)
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5.1. Case 1: high speeds operation

In this case, the speed curve begins with a zero speed until it varies from 0 to 20 rad/s for an interval of
[0.75-8] s, it remains constant for an interval of [0.8-3] s. The speed then increases from 20 to 100 rad/s during 1 s,
it remains again constant at 100 rad/s during an interval of [4]-[6] s, after that, the speed decreases to reach -100
rad/s during 1s and remains constant until 9 s, then increases to 20 rad/s for an interval of [9-9.8] s and remains
constant until 12 s, see Figure 6. The load torque as disturbance is varied two times from 0 to 7 Nm when the speed
is constant for both directeanreverse sense for the two intervals respectively [4.5-5.5] s, [7.5-8.5] s, see Figure 7.

The excellent precision of simultaneous estimation of rotor speed and stator resistance allowed to have very
satisfactory performances in tracking even under torque steps perturbation. The zero-crossing area presents significant
tracking and estimation errors. The stability is tested with respect to the reduction of the chattering phenomenon in
regenerating mode of operation. In this region of operation, the motor is running in the negative speed region with
positive load torque applied. Since the motor speed estimation depends on the online stator resistance estimation, so if
any worsening in stator resistance estimation is fed back to the speed estimation causing instability.

It is to notice that the estimation of the stator resistance is valid under steady state operation, see Figure
8. As the rate of change in the stator resistance due to temperature is very low compared to the electrical time
constants of induction motor, the FM-MRAS estimator can be disabled during transient conditions. We also
notice that the resistance changes slightly when the load rises and the speed crosses the zero zone, and this is
due to the increase in temperature at these moments.

tracking speed error

150 0.2
0.15 :
= 01 — o
100 { B oos I\ h\
s o Nl
5 -0.05 hlf" Ll
50| g 01 1
z \ 015 :
0.2
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£ lr time [s]
B estimation speed error
3 0.2 T
& 0.15 ;
50 g 01 : ;
1 0 "
2 005 s
= o g |
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5 01 : }
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Figure 6. IM speed tracking and estimation in different operating modes
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Figure 7. Electromagnetic and load torques and their influence on stator currents
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Figure 8. Stator resistance estimate with respect to the loadtorque and norm flux
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5.2. Case 2: very low speeds operation

In this case we applied a benchmark of very low speed levels with testing the induction machine
reponse in both motor and regenerating modes. The IM speed is taken as zero for the interval of [0-1.5] s, it
then increases to 10 rad/s during 0.1 s and then remains constant until it reaches 3.5 s, the speed varies from
10 rad/s to -10 rad/s for the interval of [3.5-3.6] s and remains constant until it reaches 4.9 s, then it increases
from -10 rad/s to -2 rad/s during 0.1s, after that it increases again until it reaches just 1 rad/s for the interval
of [56.3-6.1] s and keeps this value during 1.7 s then it decreases again to reache -5 rad/s at time 7.9 s and
remains constant for the interval [7.9-9.3] s then it increases to reach the zero speed and remains constant for
the interval of [9.4-9.9] s then it increases to 5 rad/s during 0.1 s to be constant until it attains 12 s, see Figure
9. At the same time, the load torque is varied three times for various intervals: [2.2-3] s, [4.2-5.5] s and [8.3-
9.2] s corresponding to variation from 0 to 3 Nm, see Figure 10.

It should be noted that through the given tracks, we notice that the induction machine operates as a
generator during both periods [4.2-5.5]s and [8.3-9.2]s respectively such that the IM torque and the speed
have not from the same signs. The simulation results show an insignificant tracking and estimation errors
even in the zone of unobservability (instability) where the speed crosses the zero zone.In order to investigate
the performance of the controlled system for parameter variations in stator resistance. The Figure 11, presents
various changes in stator resistance.

tracking speed error

estimation speed error
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Figure 9. IM very low speed tracking and estimation in different operating modes
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Figure 11. Stator resistance adaptation with respect to the load torque and flux
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At the induction machine start-up, we notice stator resistance estimation overshoots whose decrease
when the stator resistance increases, see Figure 12. To test the robustness of tocontolled system we applied
80% increase than 40% decrease in stator resistance respectively, see tracking and estimation speed errors
Figures 12 and 13 (a)-(d). The simultaneous parallel estimation of the stator resistance and rotor speed
enables the control system to eject perturbations and parameter variations. The performance results obtained
for the proposed control strategy are acceptable and useful compared to other existing works [9], [23]-[26].

015 T J T T T 0.05

E E 0,023
[ E o
E B 0,023
'% 3

- B oos

— = 0.03

?; E 0.025

. E o

3 g -002s : | ;

B = 0054 2 4 amf ° ) 12
(c) (d)

Figure 13. These figures are;(a) tracking speed errors for +80% change in stator resistance, (b) estimation speed errors
for +80% change in stator resistance, (c) tracking speed errors for -40% change in stator resistanceand, (d) estimation
speed errors for -40% change in stator resistance

6. CONCLUSION

In this paper, fuzzy mutual MRAS simultaneous speed a stator resistance estimation has been drived for
speed sensorless nonlinear sliding mode control of induction machine. The introducing of fuzzy mutual MRAS
estimation in this approach achieved a high perfomance and low parameter variations sensivity given the difficulty
comprises estimation at very low speeds where the fundamental excitation is low and the observer performance tends
to be poor.The proposed sensorless nonlinear sliding mode control scheme showed a good behavior in the transient
and steady states, with an excellent disturbance rejection of load torque and robustness against parameter variations.
The simulation results demonstrate the effectiveness of proposed control over different operating conditions, a very
good speed tracking with precise estimation in very low and zero speeds. Some perspectives of this present work can
be about minimisation or elimination of oscillations in regenerating mode when the speed crosses the zero zone and
also about using Dspace 1104 card to implement this approach in real-time.
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